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Fig. 1. The MemMat-YOLOX method framework.

Detection result
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Fig. 3. Obtaining the current frame feature method steps.
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Fig. 5. Update process of diversity perception feature memory.
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module



SRR SR I

o EIE NV EPRE LR IUEE i HIT T IWIE -
o5 r“hﬁ MemMat-YOLOXBYFIIFBE (mAP50) i£%]92.5%, B&
RFBEEEEIYOLOXEYT7.6%

,E*AX'FF% INWRERPERIGEREE2.24%, KK LCIRIERCERRE
£3.15% .




XN i Lt b AR N AR R —

TABLE L. VIDEO DEFECTS DETECTION AND COMPARISON
RESULTS

metric Large
Small &

average scale pect

mAP35() ratio ——
recall defects

Tost defects

method o lost

YOLOX 77.6% 77.4% 12.44%  15.32%

SELSA 90.7% 90.1% 4.62% 6.35% Example 3

RDN 87.2% 88.7% 9.55% 11.21%

The
method of  92.5% 95.3% 2.24% 3.15%
this paper

Example 4

Fig. 7. '-Qualitative comparison diagram of weld defects
detection.
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